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Tuning:

Hyperparameters: number of estimators, max
features, max leaves

Method: 10 folds cross — validation
Criterion: MSE (mean square error)

Model: ExtraTreesRegressor
max features=1.0
max leaves=31
number of estimators=>5
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RMSE 3.12 6.29 469 598
ExtraTrees ML Dense CNN
MAE 2.74 526 434 5.34
ExtraTrees ML Dense CNN
N .
ML: machine learning fully connected network SZ &8 Science of the
Dense: densely connected convolutional network Total Environment 813
RNN: convolutional neural network (2022) 151920
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